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Abstract: Population growth and increased development in urban activity centers that are not well organized will result in problems,
one of which is transportation problems. Transportation problems such as traffic jams, delays are the result of movement generation
that occurs at the same time so that there is a large traffic load on the roads leading to activity centers. Traffic jams have been getting
worse lately. New Traffic Congestion Points are increasing day by day. Therefore, the Pattern of Selection of Road Network Routes
Each road user chooses the right route on his way to his destination so that the travel time is minimum and the cost is the cke@x. This
study aims to model the perception of road users regarding traffic congestion on route selection in the city of Manado with a Structural
Eguation Modeling (SEM) approach. The results showed that the route selection model due to traffic congestion in the city of Manado
with the SEM approach was a fit model based on the Goodness of Fit (GoF) criteria. The indicator that makes a dominant contribution
to the impact of congestion is the cultural aspect, namely the lack of awareness of traffic signs and non ipliance with applicable
norms. The selection of the impact route from the selected congestion is the loading of many segments, namely the number of

intersections traversed and the number of traffic signs.
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1. Introduction

Manado City as the capital city of North Sulawesi Province
m] an area of 157.26 km?, which is flanked in the north by
North Minahasa Regency and the Mantehage Strait, in the
south of Minahasa Regency, west of Manado Bay, east of
Minahasa Regency [1], with considerable potential both in
the field of the tourism and industrial sectors provide added
value to various business and investment opportunities [2].
Thus the activities that occur as a result of the formation of
activity centers / land use, such as; government
administrative centers, settlements, schools, hospitals,
entertainment  facilities, shopping  centers, tourism
accommodation centers cause the generation of such a large
movement which consequently affects the existing
transportation system. The occurrence of a movement is
caused by the fulfillment of needs that are available
elsewhere. This means that the interrelationships between
spatial regions play a very important role in creating
movement. Transportation problems such as traffic jams,
delays will occur as a result of movements or trips carried
out so that there is a concentration of origin for movement
generation at the same time and there is a large traffic load
on the road to the center of activity in the city of Manado.

There are several things that are considered to be the cause
of traffic jams in Manado, which are getting worse,
including the increase in housing development, the
stretching of the economic sector that continues to increase
and the behavior of Manado residents in  using
transportation. The resultant between the increase in
development and its results with the behavior of the
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community in carrying out this mobilization is an explosion
of Traffic Congestion because from the beginning it was not
anticipated by the local government. In addition, the cause
of traffic congestion also comes from the pattern of people's
behavior in mobilizing and the culture of society in general.
The existing culture leads people to tend to use private
vehicles because vehicles are not only viewed from a
technical function but also a prestige function. People's
culture of poor traffic is also shown by their non-compliance
with applicable norms such as parking carelessly. The cause
of Traffic Congestion which is also observed in Manado
City is the mixing of all types of vehicles, both goods
transporting vehicles and people in the role of arterial,
collector and local road functions so that the road network
does not function efficiently [3]. The application of route
rules and operating times will be able to reduce traffic
congestion which in turn will reduce traffic congestion. The
number of roads in the Manado City area makes it possible
for users to choose the best route based on their personal
perception in order to avoid Traffic Congestion in achieving
their travel destination.

Several studies related to trel["ﬁcm:ngesti()n and route
selection, Izanloo et al. in 2017, traffic flow in cities is
influenced by many factors, including land use (especmy
commercial land use due to the nature of trips). This
phenomenon can be more effective when combined with
accessibility and road connectivity factors [4]. Sompie in
2015, with a Structural Equation Modeling approach,
showed that the choice of transportation mode on weekends
was influenced by economic status, activity patterns and
service satisfaction. Activity patterns had the greatest
influence on transportation modes [5]. Ingram in 2022 states
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that when traveling, travelers are faced with uncertainty. On
the one hand, travelers cannot accurately predict the
characteristics (attributes) of a route because of the
randomness of its characteristics. Referring to this type of
uncertainty, describes an unexpected phenomenon as
randomness. Randomness in various processes can be
explained 1 by probability theory [6]. Wegener in 2004,
points out that spatial development, or land use, determines
nwl for spatial interaction, or transportation. However,
it is difficult to empirically isolate the impact of land use on
transportation and vice versa because of the many flows that
coincide with changes in other f'zlars [7]. This poses a
problem if the possible impacts of integrated land use and
transport policies to reduce travel demand are to [EE]
predicted. Conder and Keith in 2002, developed an
integratecﬂmd use and transportation model (MetroScope)
[8]. This model is used to explore several regional growth
management options and also to generate new regional
transport forecasts and plans. Comparing the MetroScope
results vﬂ] previous estimates shows that an integrated
transport and land use model can produce different results in
terms of travel length, vehicle mileage, traffic congestion
levels, mode and mla choices, as well as work and
household locations. This study aims to examine and
analyze the model of the relationship between traffic
congestion that occurs on roads with parameters of
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dependency, culture, and smoothness on route selection in
the city of Manado using SEM.

2. Research Methodology

The data of this research is primary data which is taken
directly by providing qucsli()nnelir@]r()ugh questionnaires
to road users in Manado City. The sampling method used is
simple random sampling. The research was conducted for 3
months, from March 2022 to May 2022. The object of the
research took place in the administrative area of Manado
City which consisted of 11 Districts. The research variables
consist of 8 latent variables, namely: Traffic Congestion (X),
dependency aspect (X1.1), cultural aspect (X1.2), fluency
disturbance aspect (X1.3), Route Selection (Y), Route
Shortest Load (Y1.1), Probable Loading (Y1.2), and
Multiple Se gment Loading (Y1.3).

Research using SEM allows a researcher to answer questions
that are both regressive and dimensional (measuring the
dimensions of a concept) [9]. Identification of the
dimensions of a concept or cmtruct (conducted by
confirmatory factor analysis), and to measure the influence
or degree of relationship between factors whose dimensions
have been identified (performed by path analysis) [10]-[11].
The SEM model is structured based on the conceptual
framework presented as follows.
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Figure 1: Conceptual Framework for Route Selection Based on Traffic Congestion in Manado City

The stages of emellysilrricd out are the evaluation of the
measurement model, goodness of fit and evaluation of the
structural model. Evaluation of the ml‘emcnl model,
namely convergent validity, is used to determine the
correlation between each indicator and its latent variables.
Convergent validity can be seen from the standardize
loading factor (&) value greater than 0.5 is still acceptable
[12]. Composite reliability is an ilgcelt()r block that

measures a construct and can be evaluated with a measure of
internal consistency [13]. Composite mbility can be
accepted as a level of reliability if the coefficient of the
latent wvariable is greater than 0.7. Evaluation of the
structural model, namely testing the path coefficients
bctwcmmcnt variables, using the T statistic, if the T
statistic value is greater than the t table value, then the path
coefficient is statistically significant [14].
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3. Results and Discussion

Validity test is intended to determine whether the questions
the questionnaire are representative enough and
Reliability is a measure of the internal consistency of the

indicators of a variable that shows the degree to which each
indicator indicates a general variable. Validity and reliability
tcstmzrc carried out using confirmatory factor analysis, and
the results are presented in Table 1 below.

Table 1: Convergent Validity Test, Discriminant Validity and Reliability of Latent Variable Traffic Congestion (X1) and
Route Selection (Y)

First Order CFA Second Order CFA
. T- CR . ) T- CR
Item Loading Statisiic [(\alf:;Eé] Indicators Loading Statistic [(j‘;\‘\"’EE)]
CP1.1 (road capacity) 0.831 |Referen (g?;g} dependency aspect 0940 1> 883
CP1.2 (shoulder of the road) 0.904 | 17489 [0.868] (X1.1)
CP2.1 (lack of awareness of traffic signs) 0.862 |Referen | p.op » ) 0.971
CP2.2 (behavior patlerns) 0.858 | 17948 | (0.751) C"“‘E;’: S 097 | 14001 | (1)
CP2.3 (non-compliance with norms applicable) 0.8%0 | 18.843 |[0.867] - [0.958]
CP3.1 (slow vehicles) 0.779 |Referen | (. 899 i
CP3.2 (stopping of public transportation or other vehicles) | 0,883 | 15.746 | (0.749) ﬂule':'cy :ll}l;rlbgn;ce 0961 Referen
CP3.3 (vehicles entering and leaving land beside the road) | 0,928 | 16.763 | [0.866] aspects (22-
CT1.1 (travel ime) 0.921 |Referen | 941
CT1.2 (distance) 0050 |23.284 | (0.842) Shortest 0910 | 18549
Route(Y1.1)
CT1.3 (cost) 0.870 [19.711 | [0.917]
EC1.1 {(movement on arterial roads) 0.924 |Referen 0.914 0.884
EC1.2 (collectors) 0.801 | 11498 (0‘776) Opportunity 0.641 10792 (0.723)
EC1 3 (local) 0.856 | 12441 | g5y | Loading (Y1.2) : 7] osst
EC1.4 (road surface condition) 0.823 | 13.678
MI.1 (number of intersections traversed ) 0.950 |Referen | 0.882 Loading of Multiple
M1 2 (number of traffic signs) 0.822 |18.694 Eg:;;g]} Segments (Y13) | 0963 | Referen

29

Table 1 shows that all loading gues are greater than 0.5,
the p-value in the error variance less than 0.05 and the
composite reliability (C-R) value is greater than 0.7 and the
AVE root v in each latent variable is greater than 0.5, it
can be said that all latent variables and indicators are valid
(convergent and discriminant) and reliable. Traffic
Congestion (X) with an indicator of dependency mect
(X1.1) with a loading value of 0.940, cultural aspects (X1.2)

i a loading value of 0.974, fluency disturbance aspects
(X1.3) with a loading value of 0.96Eroute sclection (Y)
with the Shortest Route indicator (Y1.1) with a loading
value of 0.910, Opportunity Loading (Y1.2) with a ldefling
value of 0.641, and Loading of Multiple Segments (Y1.3)
with a loading value of 0.965.

The dependency aspect indicator consists of 2 items, namely
the road capacity (CP1.1) with a loading value of 0.831, the
shoulder of the road (CP1.2) with a loading value of 0.904.
The cultural aspect indicator (X1.2) consists of 3 items,
namely lack of awareness of traffic signs (CP2.1) with a
loading value of 0.862, behavior patterns (CP2.2) with a
loading value of 0.858, and non-compliance with norms
applicable (CP23) with a loading value of 0.880. The
indicator of smoothness disturbance aspect (X1.3) consists
of 3 items, namely slow vehicles (CP3.1) with a loading
value of 0.779, stopping of public transportation or other
vehicles (CP3.2) with a loading value of 0.883, and vehicles
entering and leaving land beside the road (CP3.3) with a
loading value of 0.928.

The indicator of the shortest route (Y1.1) consists of 3 items,
namely travel time (CT1.1) with a loading value of 0921,
distance (CT1.2) with a loading value of 0959, and cost
(CT1.3) with a loading value of 0870. The Probable
Loading Indicator (Y1.2) consists of 4 items, namely
movement on arterial roads (EC1.1) with a loading value of
0924, collectors (EC1.2) with a loading value of 0.801,
local (EC1.3) with a loading value of of 0.856, and the road
surface condition (EC1.4) with a loading value of 0.823. The
Loading Multi-Section Indicator (Y1.3) consists of 2 items,
namely the number of intersections traversed (M1.1) with a
loading value of 0.950, and the number of traffic signs
(M1.2) with a loading value of 0.822.

After testing the validity and reliability on each latent
variable, severellrequisites must be met in covariance-
based structural modeling. The assumptions that must be
met are normal multivariate, non singular and outliers [15].

a) Normality test

Normality of the data is one of the requirements in Structural
Equation Modeling (SEM) [16]. Normality testing is
emphasized on multivariate data by looking at the value of
skewness, kurtosis, and statistically it can be seen from the
Pearson Correlation between dj and g [17]. If a significance
level of 5 percent is used, then the Pearson Correlation value
between dj q is more than 0.5 or p is smaller than =
0.05, which means that the data is normally distributed in
multivariate manner. The Pearson Correlation between dj
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and q is 0.969 or p = 0000 < =003, so it can be said that
the data has a normal multivariate distribution.

Singularity Test

Singularity can be seen through the determinant of the
covariance matrix [18]. The value of the determinant equal
a zero indicates an indication of the existence of a
Singularity problem, so it cannot be used for research. The
results of the study give the value of the Determinant of
sample PJariance matrix of 029. This value is close to
zero, so it can be said that there is no singularity problem in
the analyzed data.

¢) Outliers

Qutliers are observations that are far from other observations
or appear to be extreme, both univariate and multimltc
[19]. Qutlier test results in this study are presented at the
Mahalanobis distance or Mahalanobis d-squared [20]. The
Mahalanobis value which is greater than the Chi-square
table or p value < 0.001 is said to be an outlier observation.
In this study, there were four data outliers, because they
were still below 5 percent of the observations (250 x 5% =
13), so it can be said that there were no outliers.

Furthermore, the influence between latent variables is used
for structural equation modeling in the form of a path
diagram as follows:

ROUTE SELECTION MODEL ON THE IMPACT CONFLICT
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Figure 2: Path Diagram of Traffic Congestion Model on Manado City Route Selection

The structural equations in Figure 2 are as follows:
Route Selection = 0.89 P_Traffic Congestion (1)

The aiulls of testing the complete model in Figure 2 with
the complete AMOS program can be seen in the following
table

Table 2: Route Selection Model Test Results

Table 2 shows that theeight criteria used to assess whether
or not a model imapr()prielte or not, it turns out to be good
and quite good. It can be said that the model is acceptable,
which means that there is a match Iawecn the model and
the data. The path coefficient tests in Figure 2 and the above
equation in detail are presented in the following table.

 — Cut - Off e calculation .
Criteria Information
Value results
%2 withdf = 107

Chi — Square |Expected small 110.852 is BQ_I44
Good
S;f:];g‘]‘iﬁ?&e =005 0.057 Good
RMSEA =008 0.067 Good

GFI =090 0.820 Marginal

AGFI 2090 0.743 Marginal
CMIN/DF <200 1036 Good
TLI =0.90 0.903 Good
CFI =090 0923 Good
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Table 3: VarianceThe Results of Testing the Path Coefficient of the Manado Route Selection Model

Laten Variables Coefficient | Critical Ration (C.R.) | Probability | Information
Traffic Congestion 2 Route Selection 0.894 13.690 0.000 Significant
Traffic Congestion ---= Dependency Aspect 0.940 12.883 0.000 Significant
Traffic Congestion ---=2>Culwral Aspects 0.974 14.001 0.000 Significant
Traffic Congestion ---= Fluency Disturbance Aspects 0.961 Referen 0.000 Significant
Route Selection --—-=>Shortest Route 0910 18.549 0.000 Significant
Route Selection -——>Probability Loading 0.641 10.792 0.000 Significant
Route Selection -—-—=*Multiple Segment Loading 0.965 Referen 0.000 Significant

From la appropriate models and those contained in Table 3,
so that each path coefficient can be interpreted as follows.

a) Influence of Traffic Congestion (X) on The Route
Selection (Y)

Traffic C()ngesticn has a positive and significant effect on
Route Selection. This can be seen ﬁ'oahe path coefficient
which is positive at 0.894 with a C.R. of 13,690 and
obtained a significance probability (p) of 0.000 which is
smaller than the significance level (o) which is determined at
0.05. Thus, Traffic mlgesti()n has a direct effect on Route
Selection by 0.894, which means that every time there is an
increase in Traffic Congestion, it will increase Route
Selection by 0.894.

b) Influence of Dependency aspect (X1.1)on The Traffic
Congestion (X)

Dependency aspect contributes to Traffic Congestion of
0.940. This can be seen @n the loading value which is
positive at 0.940 with a C.R. of 12,883 and obtained a
significance probability (p) of 0.000 which is smaller than
the specified significance level (@) of 0.05. Thus the
dependency aspect is a valid and significant indicator on the
Traffic Congestion variable.

¢) Influence of Cultural aspects (X1.2)on The Traffic
Congestion (X)

Cultural aspects contribute to Traffic Congestion of 0.974.
This can be seen from the loading value whics positive at
0.974 with a C.R. of 14001 and obtained a significance
probability (p) of 0.000 which is smaller than the
significance level (o) which is determined at 0.05. Thus the
cultural aspect is a valid and significant indicator on the
Traffic Congestion variable.

d) Influence of Fluency Disturbance Aspect (X1.3) on
The The Traffic Congestion (X)

Aspects of disturbance of smoothness contributed to Traffic
Congestion of 0.961. This can be seen from the loading
value which is positive at 0.961 1d the significance
probability (p) is 0000 which is smaller than the
significance level (o) which is determined at 0.05. Thus the
smoothness aspect is a valid and significant indicator on the
Traffic Congestion variable.

¢) Influence of The Shortest Route (Y1.1) on The Route
Selection (Y)

The Slﬂ’test Route contributes to the route selection of

0.910. This can be seen from the loading value which

positive at 0.910 with a CR value. of 18,549 and obtained a

significance probability (p) of 0.000 which is smaller than

the significance level (o) which is determined at 0.05. Thus

the Shortest Route is a valid and significant indicator on the
route selection variable.

f) Influence of Probability loading (Y1.2)on The Route
Selection (Y)

Probability loading contributes to route selection of 0.641.
This can be segfmm the loading value which is positive at
0.641, with a CR. of 10,792 and obtained a significance
probability (p) of 0.000 which is smaller than the specified
significance level (o) 0of 0.05. Thus, Probability Loading is a
valid and significant indicator on the route selection
variable.

g) Influence ofLoading of Multiple Segments (Y1.3)on
The Route Selection (Y)

Loading of Multiple Segments contributes to route selection
of 0.965. This can be seen from the loading value which is
p()silivnt 0.965 and the significance probability (p) is 0.000
which 1s smaller than the significance level (o) which is
determined at 0.05. Thus the Loading of Multiple Segments
is a valid and significant indicator on the route selection
variable.

4. Conclusion

The results of the study show that using the SEM approach,
the route selection model based on traffic jams in the city of
Manado is a fit model. The impact of traffic jams greatly
affects route selection. The indicator that makes a dominant
contribution to the impact of congestion is the cultural
aspect, which includes a lack of awareness of traffic signs,
behavior patterns, and non-compliance with prevailing
norms. The selection of the impact route from the selected
congestion is the Loading of Multiple Segments consisting
of the number of intersections traversed and the number of
traffic signs.

References

[1] Lefrandt, L. 1. R. (2022). Uji LaikFungsi Jalan Ruas
Jalan Nasional Batas Kota Manado-Kota Tomohon
STA 7+ 770-STA 26+ 966. Jummal HPII
(HimpunanPengembangan Jalan Indonesia), 8(2), 113-
122.

Lagarense, B. E. S. (2012, May). Urban Tourism
Planning for Waterfront Development: The Case of
Manado, Indonesia. In The 10th Biennial Conference
on Hospitality and Tourism Industry in Asia. Bandung
Institute of Tourism and The Hongkong Polytechnic
Uni versity.

Widodo, B. P., Sulistio, H., Wicaksono, A., &Djakfar,
L. (2017). Analysis of Traffic Characteristics and

[2]

[3]

Volume 11 Issue 9, September 2022

www.ijsr.net
Licensed Under Creative Commons Attribution CC BY

Paper ID: SR22912054228

DOI: 10.21275/SR22912054228

730




International Journal of Science and Research (IJSR)
ISSN: 2319-7064
SJIF (2022): 7.942

[41

[51

[61

7

[8]

[91

[10]

[11]

[12]

[13]

[14]

[15]

[16]

Paper ID: SR22912054228

Goods Transport in Manado, Indonesia. GEOMATE
Journal, 13(40), 112-117.

Izanloo, A., Rafsanjani, A. K., & Ebrahimi, S. P.
(2017). Effect of commercial land use and accessibility
factor on traffic flow in Bojnourd. Journal of Urban
Planning and Development, 143(2).

Sompie, T. (2015). Structural Equation Modeling for
Pattern Moda of Transportation Activities Week End
in Manado. International Journal of Academic
Research, 7(1),90-93.

Ingram, J. (2022). Randomness and probability:
exploring student teachers’ conceptions. Mathematical
Thinking and Learning, 1-19.

Wegener, M. (2004). Overview of land use transport
models. In Handbook of transport geography and
spatial systems. Emerald Group Publishing Limited.
Conder, S., & Lawton, K. (2002). Alternative futures
for integrated transportation and land use models
contrasted with trend-delphi models: Portland Oregon
metro results. Transportation research record, 1805(1),
99-107.

Otok, B. W., Soeparno, K., Rahmawati, 1., Azies, H.
A, & Isnawati. (2021, September). Structural equation
modeling on decision making in understanding
disasters in Maluku. In AIP Conference Proceedings
(Vol. 2360, No. 1, p. 020003). AIP Publishing LLC.

Al Azies, H. (2022). Meta Analytic Second Order
Confirmatory Factor Analysis Dengan Two Stage-
SEM Dan Generalized Method of Moments Pada
Faktor-Faktor ~ Yang  Mempengaruhilnfrastruktur
Daerah Tertinggaldi PulauJawa (Master's thesis,
InstitutTeknologiSepuluhNopember, Surabaya,
Indonesia).

Lefrandt, L., Sulistio, H., Wicaksono, A., Djakfar, L.,
& Otok, B. W. (2016). The Combination of
Importance Performance Analysis and Structural
Equation Model for Modeling Pedestrian Satisfaction
in Manado. Journal of Theoretical and Applied
Information Technology, 90(2), 158.

Otok, B. W., Suharsono, A., Purhadi, Standsyah, R. E.,
& Azies, H. A. (2021, September). A meta
confirmatory factor analysis of the underdeveloped
areas in the Java Island. In AIP Conference
Proceedings (Vol. 2360, No. 1, p. 020002). AIP
Publishing LLC.

Dash, G., & Paul, I. (2021). CB-SEM vs PLS-SEM
methods for research in social sciences and technology
forecasting. Technological Forecasting and Social
Change, 173, 121092.

Sharma, N., Saha, R., Sreedharan, V. R., & Paul, J.
(2020). Relating the role of green self-concepts and
identity on green purchasing behaviour: An empirical
analysis. Business Strategy and the Environment,
29(8), 3203-3219.

Wahyono, W. (2020). The mediating effects of product
innovation in relation between knowledge management
and competitive advantage. Journal of Management
Development.

Pavlov, G., Maydeu-Olivares, A., & Shi, D. (2021).
Using the standardized root mean squared residual
(SRMR) to assess exact fit in structural equation
models. Educational and Psychological Measurement,
81(1), 110-130.

[17] Al Azies, H., & Dewi, V. M. (2021). Factors Affecting
Life Expectancy in East Java: Predictions with A
Bayesian Model Averaging Approach.
JurnalPerencanaan Pembangunan: The Indonesian
Journal of Development Planning, 5(2), 283-295.

[18] Rosseel, Y. (2021). Evaluating the observed log-
likelihood function in two-level structural equation
modeling with missing data: From formulas to R code.
Psych, 3(2), 197-232.

[19] Sunderland, K. M., Beaton, D., Fraser, J., Kwan, D.,
McLaughlin, P. M., Montero-Odasso, M., ... & Binns,
M. A. (2019). The utility of multivariate outlier
detection techniques for data quality evaluation in
large studies: an application within the ONDRI project.
BMC medical research methodology, 19(1), 1-16.

[20] Cabana, E., Lillo, R. E., & Laniado, H. (2021).
Multivariate outlier detection based on a robust
Mahalanobis distance with shrinkage estimators.
Statistical papers, 62(4), 1583-1609.

Author Profile

~ Lucia Ingrid Regina Lefrandt, S.T, M.T., Dr. degree
. in Civil Engenering from Universitas Sam Ratulangi,
r’ Manado in 1995, Universitas Gadjah Mada,
Yogyakarta in 2004, Universitas Brawijaya in 2017
respectively. C, Email: lucia lefrandt@unsrat.ac.id. His
research interest include, Transportation, SEM, Pediatric.
https://fatek unsrat.ac.id/portal index.php/public/dosen/id/1970011
02000122001

Bambang Widjanarke Otok, Assoc. Prof., at
Department of Statistics, Faculty of Science and Data
Analytics, InstituiTeknologiSepuluhNopember,
Indonesia, Email:  drotokbw@gmailcom. His
research interest include, MARS, SEM, Classification
Method and Machine Learning.

Harun Al Azies, Master's Degree in Statisticsat the
n Department of Statistics, Faculty of Science and Data

— Analytics, Institut TeknologiSe puluhNopember,
ﬁ Indonesia, Email: harunalazies@gmail com. His
research interests include, Classification Methods,

Spatial Analysis, and Machine Learning.

Volume 11 Issue 9, September 2022

www.ijsr.net
Licensed Under Creative Commons Attribution CC BY

DOI: 10.21275/SR22912054228 731




Model for Selecting the Impact of Traffic Conclusion in

Manado City Using Structural Equation Modeling

ORIGINALITY REPORT

271+ 164 114 10«

SIMILARITY INDEX INTERNET SOURCES PUBLICATIONS STUDENT PAPERS

PRIMARY SOURCES

Submitted to Universitas Jember
Student Paper

.

2%

www.journalijar.com

Internet Source

o

2%

Submitted to University of Glasgow
Student Paper

e

T

Www.sysrevpharm.org

Internet Source

-~

T

online-journals.org

Internet Source

o

T

FOR HALALMART SHOPPING: THE

MODERATING ROLE OF FAMILY RELIGIOUS
COMMITMENT", Humanities & Social Sciences

Reviews, 2020

Publication

Chandra Warsito, Amirotun Sholikhah, Wiwiek
Rabiatul Adawiyah, Refius Pradipta Setyanto.
"ANTECEDENTS OF CONSUMERS' DECISION

T




Sonny Conder, Keith Lawton. "Alternative
Futures for Integrated Transportation and
Land Use Models Contrasted with Trend-
Delphi Models: Portland Oregon Metro
Results", Transportation Research Record:
Journal of the Transportation Research Board,
2018

Publication

T

Sukaris, Joko Suyono, Damarsari Ratnasahara
Elisabeth. "Influence of Tourist Experience On
Tourist Destinations Against Loyalty Through
The Value of Traveling", Journal of Physics:
Conference Series, 2020

Publication

T

Submitted to Universitas Islam Indonesia
Student Paper

(K

—
o

Submitted to Sriwijaya University
Student Paper

T

—_—
—

Submitted to University of Hong Kong

Student Paper

T

—_
N

Submitted to Universiti Selangor
Student Paper

T

—
w

download.atlantis-press.com

Internet Source

T

B

yetl.yabesh.ir

Internet Source

T




liste.org

Internet Source

T

—
0))

wikizero.com

Internet Source

(K

Submitted to University of Durham
Student Paper y <1 %
John Fresly Hutahaen, Abdul Yuli Andi Gani, <1 o
Choirul Saleh. "The factors affecting the ’
implementation of OpenFreedom information
policy and public service performance”,
International Journal of Law and
Management, 2018
Publication
Submitted to Universitas Negeri Semaran
Student Paper g g <1 %
Abbas Sheykhfard, Farshidreza Haghighi, <1 o
Trond Nordfjeern, Mostafa Soltaninejad.
"Structural equation modelling of potential
risk factors for pedestrian accidents in rural
and urban roads", International Journal of
Injury Control and Safety Promotion, 2020
Publication
jlemar.or
JInternet Sourceg <1 %
journal.walisongo.ac.id
JInternetSource g <1 %




Tehubijuluw Zacharias, Mohamad Arsad
) L . < | %
Rahawarin, Yusriadi Yusriadi. "Cultural
Reconstruction and Organization Environment
for Employee Performance", Journal of Ethnic
and Cultural Studies, 2021
Publication
londoninstitutesd.co.uk
Internet Source <1 %
www.ijsred.com
Internethurce <1 %
Bambang Widjanarko Otok, Agus Suharsono, <1 o
Purhadi, Rahmawati Erma Standsyah, Harun ’
Al Azies. "A meta confirmatory factor analysis
of the underdeveloped areas in the Java
Island", AIP Publishing, 2021
Publication
Yangin Zeng, Ziqi Xu, Liang Chen, Yunxi <'I
. . %
Huang. "Exploring the mechanism of empathy
on lens language and linguistic landscape on
movie-induced tourism: The moderating
effect of cultural differences", Frontiers in
Psychology, 2023
Publication
eprints.unmer.ac.id
IntErnetSource <1 %
jai.laescore.com
I;wternetSource <1 %




Bahtiar, S A Adjisasmita, M | Ramli, M Pasra.
30 , . <l%
"Model influence means operational
performance on the port of Jayapura", IOP
Conference Series: Earth and Environmental
Science, 2020
Publication
Zulfadil, Susi Hendriani, Machasin. "The
31 . . o <l%
influence of emotional intelligence on team
performance through knowledge sharing,
team conflict, and the structure mechanism",
Journal of Management Development, 2020
Publication
ijirem.org <’]
Internet Source %
mafiadoc.com
33 Internet Source <1 %
repository.unitri.ac.id
Interr::letSourcey <1 %
Exclude quotes On Exclude matches Off

Exclude bibliography On



